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Abstract. This work describes ongoing research towards finding a methodology to extract information
about trees from aerial images. Examples of output are the approximate number of trees, the diameter and
area of a tree, and the total green area. For regions with sparse trees, a method based on segmentation
and border extraction is described. It works reasonable well segregating trees from the other components
(buildings, etc). For dense tree areas, two feature based methods, one using sinydec-matching
and the other one using a Backpropagatienral-network classifier, are described. Both methods work
reasonable well if a good sample of trees is provided.
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Method for images with dense trees
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